(O S I A [
MICROELECTRONICS & COMPUTER

34 T

201757 A July 2017

— i E T SURF EFRIENR M EG EER A

ko OBL.I OB N FE.HT N, EEE
CHEARIET K2 WU S 30 ) TARE6E . I 200237)

W OE: A AE R R E R E L 4R ) — A % ey SURF F 3. B R Al — #2310 Harr-like A AE 8
RE WA BFEEN T REHWATFLEN F 44 BBF # R 7%k RACEEE. L8k Y, 5 K% SURF
MR, R E R R A HE T 1500 b, B4R & T3 E. 5k E b 4 I i 8OR 78 00 RIUAT b 8y BL
BT T E kR .

K4 B 1% K ; Harr-like; BBF; SURF £ 3

hESEE. TP391. 4 SCERFRIRAS: A XERS: 1000—7180(2017)07—0096—05

A New Image Matching Algorithm Based on
Improved SURF Operator

ZHANG Pei,GUO Hui, LIU Fang-hui, HU Fang-shang, ZHOU Shao-ping

(School of Mechanical and Power Engineering, East China University of Science

and Technology, Shanghai 200237, China)

Abstract: Aiming at the problem of low precision and slow speed of traditional algorithms, this paper proposes an
improved SURF algorithm. The algorithm uses a brand new Harr-like feature descriptor to increase the number of
valid feature points and improve the discriminant ability of the descriptors. At the same time we combined with BBF
search method to enhance the matching speed. The experimental results show that the matching point of the
improved algorithm is increased by more than 15% compared with the original SURF algorithm, and the speed is

also improved. The improvement of the algorithm opens up a broader prospect for the application of image matching
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technology in the printing industry.
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